ML/Al meet Oracle Analytics

. " . . .
.....
> » o - . . . :
- ° c 2
° ? - -
° o ° e
.......
< o - s
- o o

A-O'rac]e-AC.E.. .y

Ziga Vaupot - @ Srede’



L Gehératiyé Al oo g

cw

.'-:'.'..'-.V.ide.Q'An'aI.ysis "

s ® ° 2
-
. E
2 o
B

° e o

"~ e

o

e v v

- . .

°

° ° a
© . -
s

e * ¢

o ]






Out-of-the-Box Analytics Functions

Analiti¢ne funkcje: Reference Line, Trend, Forecast
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Demo: Demo 1 - Out-of-the-Box @ Analytics (ocizigavaupot)
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Analiticne funkcije: Outliers
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Explain ATTRITION

Basic Facts about ATTRITION

What are the values of ATTRITION and
how do they relate to each other?

Key Drivers of ATTRITION

What elements in this data best explain
the values of ATTRITION?

Segments that Explain
ATTRITION

What hidden groups in the data can
predict outcomes for ATTRITION?

Anomalies of ATTRITION

What groups in the data exhibit
unexpected results for ATTRITION?

The charts |
to see or ad
here to sele

ATTRITION

Yes

0.0

About Explain pages

Basic facts about ATTRITION

ATTRITION I No M Yes

Explain ATTRITION

Basic Facts about ATTRITION

What are the values of ATTRITION and
how do they relate to each other?

Key Drivers of ATTRITION

What elements in this data best explain
the values of ATTRITION?

Segments that Explain
ATTRITION

What hidden groups in the data can
predict outcomes for ATTRITION?

Anomalies of ATTRITION

What groups in the data exhibit
unexpected results for ATTRITION?

About Explain pages

Segments that Explain ATTRITION

Settings ] [ Add Selected ]

ATTRITION is a Text Attribute with 2 unique values across 1470
rows (100%). The most common ATTRITION is No (84%) and the
least common is Yes (16%).

ATTRITION is a Text attribute with 2 unique values across 1470 rows.

The segments below are the top 20 of those identified, explaining No or Yes member values of ATTRITION. Only columns selected in

Settings can contribute to Segments definition. Visit Settings panel to adjust the list of candidate columns.

No

4

Number of
Records

2.
0 . O BE N
1 2 3 4 6 18 5 7 8 9

10 11

Top Segments for values of ATTRITION

12

13

14

Darker shades indicate higher proportion of value compared to proportion in full dataset.

The charts below represent each individual segment, showing respective proportion outcome for
ATTRITION (bar) as compared to expected average for the entire data (reference line). Click the checkmark
above any segment visual to add it into your workbook. Segment averages are approximated using data-

sampling.

Segment 1

Value No

429 rows - 29.2% of 1470 rows
OVERTIME = No

STOCKOPTIONLEVEL between 1 and 2

0% 20% 40% 60% 80% 100%
W No Other Categories

Segment 4

Value No

263 rows - 17.9% of 1470 rows
JOBSATISFACTION == 4
WORKLIFEBALANCE between 3 and 4

BEEEEEEEEEE
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Explain ATTRITION

Basic Facts about ATTRITION

What are the values of ATTRITION and
how do they relate to each other?

Key Drivers of ATTRITION

What elements in this data best explain
the values of ATTRITION?

Segments that Explain
ATTRITION

What hidden groups in the data can
predict outcomes for ATTRITION?

Anomalies of ATTRITION

What groups in the data exhibit
unexpected results for ATTRITION?

Settings ] [ Add Selected ] %

16 17 19 20

Segment ¥ g8 =

Key Drivers of ATTRITION

Showing top 11 key drivers out of 11 identified as significant from your selection in Settings. The correlation is calculated using

ATTRITION:

All Values: STOCKOPTIONLEVEL, JOBLEVEL, MARITALSTATUS, OVERTIME, MONTHLYINCOME, YEARSINCURRENTROLE,
YEARSATCOMPANY, TOTALWORKINGYEARS, JOBINVOLVEMENT, JOBROLE, BUSINESSTRAVEL

The charts below show the distribution of ATTRITION values across each of the key drivers (sorted by descending row count). Visit

Settings panel and adjust selection of input columns for Key Drivers or click the checkmarks above any of the visuals to add them to

your workbook when done. Click here to select all the visualizations.

STOCKOPTIONLEVEL

0%  20%  40%
{Row Cc

ATTRITION M Yes Wb
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OVERTIME

Yes

0% 20% 40% 6l

{Row Coun

ATTRITION [ Yes H b
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19-25
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25-31

Explain ATTRITION

Basic Facts about ATTRITION

What are the values of ATTRITION and
how do they relate to each other?

Key Drivers of ATTRITION

What elements in this data best explain
the values of ATTRITION?

Segments that Explain
ATTRITION

What hidden groups in the data can
predict outcomes for ATTRITION?

Anomalies of ATTRITION

What groups in the data exhibit
unexpected results for ATTRITION?

Segment 2

Value No

388 rows - 26.4% of 1470 rows
JOBLEVEL between 2 and 3
OVERTIME = No

0% 20% 40% 60% 80% 100%
W No Other Categories

Segment 5

Value Yes

257 rows - 17.5% of 1470 rows
JOBLEVEL < 2
STOCKOPTIONLEVEL =1

Segment 3

Value No

281 rows - 19.1% of 1470 rows
DEPARTMENT = Research & Development
JOBLEVEL between 2 and 3

0% 20% 40% 60% 80% 100%
W No Other Categories

Segment 6

Value No

207 rows - 14.1% of 1470 rows
JOBLEVEL between 2 and 3
STOCKOPTIOMNLEVEL between 1 and 2

About Explain pages

MARITALSTATUS

Anomalies of ATTRITION

Settings ] [ Add Selected ] %

Settings ] [ Add Selected ] %

21 combinations of 7 dimensions from columns selected in Settings panel are being analyzed. Below are the top anomalies for
ATTRITION : Yes. Click the checkmarks above any of the visuals to add them into your workbook, or visit Settings panel to adjust the
selection of attributes to run algorithm with.

When JOBROLE is Research Scientist, we expected {Row Count} for

OVERTIME: No to be 21.73, however, it is 14.00, representing a difference of

7.73.

Expression Filter

35

{Row Count}

w

30

25

20

15

0
Yes No

OVERTIME

M {Row Count} M Expected {Row Count} when JOBROLE is 'Research Scientist'

When BUSINESSTRAVEL is Travel_Frequently, we expected {Row Count} for
EDUCATIONFIELD: Medical to be 19.75, however, it is 13.00, representing a

difference of 6.75.

Expression Filter
35
30
25
20
15

{Row Count}

10

Search completed




Autolnsights

Watchlists Insights Assistant

Insights discovered for the dataset

Dataset | Sales Data (Sample) v

This table shows overall aggregation of metrics selected by Auto-Insights
process. Columns that were selected from this dataset were, Metrics :
REVENUE, COST_FIXED, Dimensions : CUST_MARITAL_STATUS,...

Measures Overview

Row Count 5,248
REVENUE 5,093,361.17
COST_FIXED 1,368,598.88
REVENUE by Record 970.53
COST_FIXED by Record 260.78
Ratio COST_FIXED, REVENUE 0.27

The visualization compares how unit-values of REVENUE have trended
over time for each member of PROD_LOB. We detected that the
growth/decline may not have been consistent across all members, whic...

Trending Dimensions

3.5K

3.0K /\
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2.0K

15K
——————— :::::EE;;::::::EE
1.0K ____--____--—--—

0.5K

REVENUE by Record

0.0
2011 2012 2013

This visualization properly compares relative growth over time of
COST_FIXED unit-value for each PROD_LOB. We identified possible
discrepancies in how unit value is trending for each member, which coul...

Indexed Growth : Avg COST_FIXED

Date Filter

45
3.5
2.5

15 ﬁ

05

Index Value

2011 2012 2013

This pie chart shows how much the top 20% records in your data weigh of
the total value of COST_FIXED metric for the whole dataset. It's a good
representation of importance of top individuals in your data. Slices of th...

80/20 for COST_FIXED

0.59%
2.92%
7.70%

-

15.55%

iMm

The visualization compares how unit-values of COST_FIXED have trended

over time for each member of PROD_LOB. We detected that the

growth /decline may not have been consistent across all members, whic...
Trending Dimensions

12K
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0.8K

y Record

0.6K

0.4K ?_5—4

0.2K

COST_FIXED b

0.0

2011 2012 2013

This pie chart shows how much the top 20% records in your data weigh of
the total value of REVENUE metric for the whole dataset. It's a good
representation of importance af ton individuals in vour data Slices of th...
REVENUE 52,903.10 (1.04%)
80/20 for REVENU REVENUE Row Quintile Last 20%

1.04%

5M

This visualization helps understand how members of PROD_LOB split as
the value of REVENUE by record grows. In this case, the split (colors) may
be different for low REVENUE records versus high REVENUE records. Ea...

Split of PROD_LOB
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REVENUE Decile

This visualization properly compares relative growth over time of
REVENUE unit-value for each PROD_LOB. We identified possible
discrepancies in how unit value is trending for each member, which coul...

Indexed Growth : Avg REVENUE

Date Filter
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Watchlists Insights Assistant

Insights discovered for the dataset

Dataset | Sales Data (Sample) v

This visualization shows average value of REVENUE by record for each
member of PROD_LOB. We identified an interesting variance for these
values between various members. Comparing average metric value by...

Avg REVENUE by Record
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This Line chart projects the value of REVENUE over 3 future
TIME_BILL_DT periods. The grey area on the right of the chart shows
forecasted values. Forecast is calculated using seasonal ARIMA algorith...

Forecast of - REVENUE
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REVENUE

Quarter Forecast

This charts shows every member of COUNTRY_MNAME dimension plotted
on a REVENUE by COST_FIXED scatter chart. It allows to get a quick
insight at how well the two metrics correlate with each other on...

Clusters of COUNTRY_NAME
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This visualization shows average value of COST_FIXED by record for each
member of PROD_LOB. We identified an interesting variance for these
values between various members. Comparing average metric value by...

Avg COST_FIXED by Record
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COST_FIXED by Record

This bridge-chart shows the contribution of each PROD_LOB to the
variation of COST_FIXED total value over time. It shows which members
were the biggest contributors to a variation of the metric over a period ...

Growth Contribution Bridge
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This Line chart projects the number of rows over 3 future TIME_BILL_DT
periods. The grey area on the right of the chart shows forecasted values.
Forecast is calculated using seasonal ARIMA algorithm, with a 95%. ..
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Quarter Forecast

This visualization properly compares relative growth/decline of several
metrics in the dataset over time. The line charts visualize indexed value of
various metrics. Using indexing instead of absolute values allows a fair...

Indexed Metrics Growth

Date Filter
18
16
14

Index Value

2011 2012 2013

Each bar in the chart represents one of the top 10 members of
COUNTRY_NAME sorted by decreasing value of REVENUE. The last bar
shows the average REVENUE value for all the other COUNTRY_NAME...

Top 10 COUNTRY_NAME by REVENUE
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Watchlists Insights Assistant

Insights discovered for the dataset

Dataset | Sales Data (Sample) v

The visualization compares how the Ratio COST_FIXED/REVENUE has
trended over time for each member of PROD_LOB. We detected that the
growth/decline in the ratio may not have been consistent across all...

Trending Dimensions
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REVENUE

0.30
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Ratio COST_FIXED,

0.20

0.15

2011 2012 2013

This heatmap shows COST_FIXED value (% of total) for each intersection
of CUST_MARITAL_STATUS and CUST_TYPE dimensions. We detected that
a few cells have significantly higher or lower COST_FIXED value than the...

% of COST_FIXED
Divorced Married Single Widow (?I':)atna‘lj
TYPE 1 3.06% 0.96% 25.37%
TYPE 2 3.10% 3.21% 29.23%
TYPE3 4.18% 2.46% 21.09%
TYPE 4 2.34% 2.82% 15.70%

This bridge-chart shows the contribution of each PROD_LOB to the
variation of REVENUE total value over time. It shows which members were
the biggest contributors to a variation of the metric over a period of tim...

Growth Contribution Bridge
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This Line chart projects the value of COST_FIXED over 3 future
TIME_BILL_DT periods. The grey area on the right of the chart shows
forecasted values. Forecast is calculated using seasonal ARIMA algorith...
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The visualization compares how total COST_FIXED value has trended over
time for each member of PROD_LOB. We detected that the
growth/decline in COST_FIXED may not have been consistent across all...

Trending Dimensions
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This visualization helps understand how members of PROD_LOB split as
the value of COST_FIXED by record grows. In this case, the split (colors)
may be different for low COST_FIXED records versus high COST_FIXED...

Split of PROD_LOB

12
e BB B H N
o o8 -=
n = is
AT LY
m oy N m
7o Ia=EF
—a_ N 0 |
1 2 3 4 5 -] 7 8 9 10

COST_FIXED Decile

This histogram visualization shows how number of COUNTRY_NAME
distribute against a growing scale of REVENUE values by

COUNTRY_NAME. We detected that the distribution is showing potentia...

Distribution of COUNTRY_NAME Records
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Low <---- REVENUE By COUNTRY_NAME ----> High

This is a pareto chart of REVENUE values by members of
COUNTRY_NAME. The members of COUNTRY_NAME are sorted by their
decreasing value of REVENUE, bars represent the aggregated value for...

Pareto of COUNTRY_NAME
Total REVENUE  5.09M
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Data Enrichment and Description Auto-

Generation

8 Sales Data (Sample)

Search ‘ ®

B B ©

B & & & & &

(LI

Add Sales Data
Uploaded from SAMPLE_...

Convert to Date
TIME_BILL_DT

Convert to Date
TIME_PAID_DT

Set Treat As, Aggregation
PROD_ITEM_KEY

Set Treat As, Aggregation
CUST_NUMBER

Set Treat As, Aggregation
CUST_CRDT_RATE

Set Treat As, Aggregation
ADDR_KEY

Set Treat As, Aggregation
ADDRESS1

Convert to Date
CUST_BIRTH_DT

Set Treat As, Aggregation
ORDER_KEY

Results
All steps combined

Select data or visual to
display properties

ORDER_KEY

2,490 4.20M

A ORDER_KEY
209104
1872655
2726224
1349061
3448321
3771904
1245232
4134990
1119795
1429939
3908209
3077723
1792813
739634
3927686
2169632
3890877
419977
2100411
2677915
3387756
1973520
1775943
3237967
3690276
1293251
596247
3922899
1973747
3300472
243132
1839970
683082
3543749
2450822
4097243
2895609
708240

A
<. Join Diagram

Formatting e RY
ORDER_STATUS UNITS DISCNT_VALUE V'  COST_FIXED COST_VARIABLE REVENUE TIME_BILL_DT TIME_PA
3-Shipped
2-Fulfilled
4-Billed
9-On Hold
5-Paid
1-Booked
6-Cancelled
4 24 0 285.96 0.36 10.27€ 0 18.58K  2.08 6,725.54 1/2/11 12/26/13 2/1/11

A ORDER_STAT... # UNITS # DISCNT_VA... # COST_FIXED # COST_VARIA... # REVENUE TIME_BILL_DT TIME_I
5-Paid 9 13.26 101.73 651.86 64191 09.02.11 19.03.11
1-Booked 10 23.28 491.59 1,543.60 1,241.04 15.10.11 15.11.11
2-Fulfilled 12 10.82 102.77 98.12 512.26 01.05.12 04.06.12
9-0n Hold 5 0.00 20.46 104.61 288.03 02.06.11 16.07.11
4-Billed 21 11.98 472.63 56.68 465.26 30.08.13 07.10.13
4-Billed 18 81.90 160.44 170.57 1,676.89 26.12.13 03.02.14
9-0n Hold 11 0.00 5.74 30.65 80.91 08.05.11 21.06.11
5-Paid 13 57.42 178.16 1,093.04 1,112.32 13.12.12 25.01.13
2-Fulfilled 12 0.00 205.02 201.38 1,294.00 05.04.11 11.05.11
4-Billed 10 15.96 1,344.59 105.15 B48.63 03.06.11 07.07.11
2-Fulfilled 10 40.84 109.18 312.90 1,088.14 08.10.12 22.11.12
3-Shipped 6 0.00 94.69 575.32 679.39 20.04.13 03.06.13
1-Booked 10 19.25 271.16 833.52 684.41 30.07.11 05.09.11
4-Billed 12 0.00 147.29 76.83 734.01 20.03.12 28.04.12
3-Shipped 10 1.22 10.71 67.40 64.64 09.10.12 251112
3-Shipped 13 7.64 47.10 302.12 297.27 18.11.11 29.12.11
3-Shipped 12 0.00 32.37 115.72 161.21 23.09.12 06.11.12
3-Shipped 4 4.88 20.62 132.12 130.11 25.03.11 26.04.11
5-Paid 13 218.92 580.04 5,856.34 5,829.30 03.09.11 12.10.11
2-Fulfilled 10 0.00 43.92 125.90 437.83 03.05.12 04.06.12
3-Shipped 8 54.17 403.33 1,238.99 1,923.18 12.08.13 25.09.13
4-Billed 10 15.30 1,288.99 101.18 813.54 09.10.11 13.11.11
3-Shipped 13 87.68 338.09 2,465.33 3,397.64 01.08.11 08.09.11
9-0n Hold 10 9.76 24.23 114.77 34759 13.05.13 18.06.13
4-Billed 22 10.38 30.42 36.55 317.87 20.12.13 28.01.14
3-Shipped 10 0.00 170.85 745.02 1,078.33 25.05.11 27.06.11
5-Paid 9 23.94 72.74 368.58 375.43 03.02.12 21.03.12
2-Fulfilled 10 7.79 41.67 119.42 415.30 07.09.12 26.10.12
9-0n Hold 11 81.96 13161 1,055.66 2,909.79 25.10.11 07.12.11
5-Paid 24 17.40 49.66 361.96 437.16 02.07.13 12.08.13
2-Fulfilled 12 102.15 101.41 389.57 1,279.75 18.02.11 25.03.11
4-Billed 10 0.00 287.11 225.19 1,812.11 24.10.11 251111
3-Shipped 9 8.03 127.57 647.44 658.32 18.03.12 29.04.12
3-Shipped 18 13.61 69.22 676.17 723.42 26.10.13 13.12.13
3-Shipped 6 24.42 27.75 250.45 306.81 06.12.11 14.01.12
4-Billed 13 51.87 130.45 67.58 650.08 09.11.12 13.12.12
2-Fulfilled 9 7.82 19.54 18.51 97.39 12.08.12 23.09.12
1-Booked 9 5.54 29.65 1,699.63 295.54 02.03.12 17.04.12

%7 Sales Data 34 Data Elements O8O0

BE BEBEBEBBBEBEBEBBBBBEBEBEBEBBBEBAEAB B B

R

Create Workbook

Recommendations (44)

All Columns
Select a column to filter list

g

Enrich COUNTRY_CODE with
iso2

Enrich COUNTRY_CODE with
iso3

Enrich COUNTRY_CODE with
iso_numeric

Enrich COUNTRY_CODE with
fips
Enrich COUNTRY_CODE with

country_name

Enrich COUNTRY_CODE with
capital

Enrich COUNTRY_CODE with
square_km

Enrich COUNTRY_CODE with
population

Enrich COUNTRY_CODE with
continent

Enrich COUNTRY_CODE with
tid

Enrich COUNTRY_CODE with
currency_abbr

Enrich COUNTRY_CODE with
currency_name

Enrich COUNTRY_CODE with
phone_country_code

Enrich COUNTRY_CODE with
postal_code_format

Enrich COUNTRY_CODE with
postal_code_regex

Enrich COUNTRY_CODE with
languages

Enrich COUNTRY_CODE with
geonameid

Enrich COUNTRY_CODE with
neighboring_countries

Enrich COUNTRY_NAME with
iso2

Enrich COUNTRY_NAME with
iso3

Enrich COUNTRY_NAME with
iso_numeric

Enrich COUNTRY_NAME with
fips
Enrich COUNTRY_NAME with

country_name

Enrich COUNTRY_NAME with
capital

Enrich COUNTRY_NAME with
square_km

N

k| Sales Data (Sample)

Dataset
General

Data Elements

Search
Access

@ attrition
Developer Dataset

General

Data Elements

Search

Access

Developer

[ Save } Close
Name Sales Data (Sample)
Description This dataset provides insights into customer sales transactions, including
order status, revenue, and customer demographics, enabling informed
business decisions.
{ Save J

Name

-

L.

Close 1

Attrition

Description

This dataset provides employee information to drive insights on job
satisfaction and turnover.

Created On
Modified On
Certified By
Owner
Database Type
Object ID
Enable Insights

Enable Knowledge Enrichments

May 12, 2025 at 09:45 PM

Today at 04:41 PM

Not yet certified [ Certify

ziga.vaupot@gmail.com
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ML/AIl & Oracle Analytics

Avalilable Options

A

/ .
b .’

i - ’
O .

1 Vision / Video J

Speech a
Language o
Document Understanding o

E Data Scientist
© .~ oML4saL

=3 Trend, Forecast, Clusters, Outliers, OML4R
@] supervised/Unsupervised ML, AutoML o OML4Py

Anomaly Detection, g AutoML
Graph Analysis, Pt
Sentiment Analysis, _.-*" '

- Explain, Autolnsights;

) e

C;) Business Analyst. -- Generative Al

—

Simple Complexity Complex



ML/AIl & Oracle Analytics

* Machine Learning in Oracle Analytics

Approved
[a)
w
>
(@)
o
o
o
<:I:I
Z
S . 9
. :
w
= .
b
ANNUAI 5 :
S 5
w .
When EMPLOYMENT_STATUS is Self-Employed, '
for EDUCATION_LEVEL: High School to be 82.14 0% 20% 40% 60% 80% 100%
representing a difference of 29.14. {Row Count}
Expression Filter )
180 LOAN_APPROVED [l Approved [ Rejected e ]
|
150
- 120
5
f’: 90
8 ————————
£ 60 Segment 12
30 Value Approved
0 207 rows - 1% of 20000 rows

Bachelor Master Associate High School Doctor: LOAN_AMOUNT between 11466 and 12941
EDUCATION_LEVEL LOAN_DURATION between 36 and 48

B {Row Count}
W Expected {Row Count} when EMPLOYMENT_STATUS is 'Self-Employed' ‘

0% 20% 40% 60% 80% 100%

B Approved Other Categories ‘

Demo: Data Flows LOANS @ oacent1 (smartisoracle)

# Train Bina... Save
@ LOANS - L... ¢ o Classifier Model

Train Binary Classifier

Model Training Script Neural Network for Classification

* Target LOAN_APPROVED

target, the target(label) to learn/predict

Positive Class in Target ‘ Approved

Positive class in the target value. Default is Yes.

Categorical Column Imputation

Most Frequent v ‘

The mode method for categorical features to fill NA. Two options: mostFrequent and leastFrequent. Default is mostFrequent.

Numerical Column Imputation ‘ Mean v ‘

The mode method for numeric features to fill MA. Four options: mean, max, min, median. Default is mean.

Encoding Method lOnehot v ‘
Encoding method,
Maximum Null Value Percent ‘ 80 ‘ v ‘ ~
Maximum Null Value Percent

Train Partition Percent ‘ 80 v ‘ A
The percentage of original data used for training, default is 80%.
Batch Size ‘ 500 ‘ v ‘ A
Batch Size to be used for model creation
Optimizer Method ‘ Adam Optimizer v ‘
The optimizer method for cost minimization during creation of the neural network
Activation Function ‘ Relu v ‘

Type of activation function to be used for hidden layers of MLP

https://oacent1-frfoigjl2oaf-fr.analytics.ocp.oraclecloud.com/ui/dv/?pageid=datasources

8 LOANS - Loans New ADW

Formatting

Data Element Data Type Treat As Aggregation Hidden Sample Values
APPLICATION_ID Number A Attribute None 43628, 44125; 44182; 44343; 44949, 44961; 45145; 45464, 45493; 45617
AGE Number # Measure Sum 18; 39, 41, 40; 42; 43; 37; 45; 38; 48
ANNUAL_INCOME Number +# Measure Sum 15,000; 300,000; 55,947, 56,205; 64,147; 65,214, 81,565; 100,907, 107,049; 110,692
CREDIT_SCORE Number it Measure Sum 594; 568, 577, 585; 596; 606; 573; 580; 558; 593
EMPLOYMENT_STATUS Text A Attribute None Emploved; Self-Employed; Unemployed
EDUCATION_LEVEL Text A Attribute None Bachelor; High School; Associate; Master; Doctorate
EXPERIENCE Number + Measure Sum 0;18;19; 21; 15; 20; 14; 11; 13; 10
LOAN_AMOUNT Number i+ Measure Sum 11,781; 12,411; 12,750, 16,263; 16,615; 17,228; 18,474; 18,546; 19,601; 20,303
LOAN_DURATION Number # Measure Sum 60; 36; 48; 72; 24; 96; 84; 12; 120; 108
MARITAL_STATUS Text 4 Attribute MNone Married; Single; Divorced; Widowed
NUMBER_OF_DEPENDENTS Number £ Measure Sum 01,23, 4,5
HOME_OWNERSHIP_STATUS Text A Attribute None Mortgage; Rent; Own; Other
MONTHLY_DEBT_PAYMENTS Number # Measure Sum 241; 307, 365; 539, 278; 295, 310; 427, 456; 460
CREDIT_CARD_UTILIZATION_RATE Number # Measure Sum 0.035932781895; 0.063175542802; 0.077399357117; 0.082513390069; 0.0925051410...
NUMBER_OF_OPEN_CREDIT_LINES Number i Measure Sum 23,411,560, 7,89
NUMBER_OF_CREDIT_INQUIRIES Number # Measure Sum L2345 6
DEBT_TO_INCOME_RATIO Number + Measure Sum 0.023579885747,; 0.031375662497, 0.033572211771,; 0.036027692369; 0.0636877328...
BANKRUPTCY_HISTORY Number # Measure Sum 01
LOAN_PURPOSE Text A Attribute MNone Home; Debt Consolidation; Auto; Education; Other
PREVIOUS_LOAN_DEFAULTS Number # Measure Sum 01
PAYMENT_HISTORY Number +# Measure Sum 22; 23, 25; 24; 21, 26; 19; 27, 20; 28
LENGTH_OF_CREDIT_HISTORY Number it Measure Sum 28;3;11;5;8;14; 22; 2, 1; 13
SAVINGS_ACCOUNT_BALANCE Number # Measure Sum 1,775; 2,669; 807, 837; 1,017; 1,070; 1,072; 1,104; 1,109; 1,135
CHECKING_ACCOUNT_BALANCE Number # Measure Sum 877, 1,068; 133; 138, 251; 352, 456; 460; 506; 522
TOTAL_ASSETS Number * Measure Sum 39,825; 44,731; 9,100; 92,534; 100,176; 108,152; 108,255; 112,766; 11,583; 116,524
TOTAL_LIABILITIES Number i+ Measure Sum 14,706; 15,169; 16,283; 16,919; 17,440; 24,290; 45,602; 10,298; 10,967, 109,763
UTILITY_BILLS_PAYMENT_HISTORY Number # Measure Sum 0.396884688129; 0.471078930512; 0.483501927365; 0.537708877459; 0.5556924716...
JOB_TENURE Number +# Measure Sum 4:5:3:6;7:2:8:9;1; 10
NET_WORTH Number £ Measure Sum 1,280; 23,521; 29,475; 4,409; 5,231; 7,076; 9,366; 9,614; 100,789; 10,386
BASE_INTEREST_RATE Number # Measure Sum 0.194992000000; 0.248053000000; 0.279871000000; 0.164665000000; 0.1757750000...
INTEREST_RATE Number # Measure Sum 0.150025610943; 0.150128130098; 0.163430415360; 0.163935575719; 0.1689675987...
LOAN_APPROVED Text % Attribute MNone Rejected; Approved
Positive Label for
LOAN_APPROVED APproved
Predicted Values
F1Value .96 Approved Rejected Total
D
3> | Approved 26 753 (24%)
Model Accuracy ggy, S
5 Rejected 30 2440 (76%)
Precision oggy g
Total 757 (24%) 2436 (76%) 3193 (100%)
Recall o979
Correct Prediction 0 I 100%
False Positive Rate 19,
Incorrect Predicition 0 B 100%

Prediction (PredictedValue)
Approved Rejected
Actual (LOAN_APPROVED) ‘

Approved 842 Q7

Rejected 67 ‘




8 LOANS - Loans New ADW Formatting

Data Element Data Type Treat As Aggregation Hidden Sample Values
APPLICATION_ID Number A Attribute None 43628, 44125; 44182; 44343; 44949, 44961; 45145; 45464, 45493; 45617
AGE Number # Measure Sum 18; 39, 41, 40; 42; 43; 37; 45; 38; 48
ANNUAL_INCOME Number +# Measure Sum 15,000; 300,000; 55,947, 56,205; 64,147; 65,214, 81,565; 100,907, 107,049; 110,692
. CREDIT_SCORE Number it Measure Sum 594; 568, 577, 585; 596; 606; 573; 580; 558; 593
EMPLOYMENT_STATUS Text A Attribute None Emploved; Self-Employed; Unemployed
EDUCATION_LEVEL Text A Attribute None Bachelor; High School; Associate; Master; Doctorate
EXPERIENCE Number # Measure Sum 0;18;19; 21; 15; 20; 14; 11; 13; 10
LOAN_AMOUNT Number i+ Measure Sum 11,781; 12,411; 12,750, 16,263; 16,615; 17,228; 18,474; 18,546; 19,601; 20,303
LOAN_DURATION Number # Measure Sum 60, 36; 48; 72, 24; 96, 84; 12, 120, 108
MARITAL_STATUS Text A Attribute MNone Married; Single; Divorced; Widowed
NUMBER_OF_DEPENDENTS Number i Measure Sum 01,23, 4,5
HOME_OWNERSHIP_STATUS Text A Attribute None Mortgage; Rent; Own; Other
MONTHLY_DEBT_PAYMENTS Number # Measure Sum 241; 307, 365; 539, 278; 295, 310; 427, 456; 460
CREDIT_CARD_UTILIZATION_RATE Number # Measure Sum 0.035932781895; 0.063175542802; 0.077399357117; 0.082513390069; 0.0925051410...
NUMBER_OF_OPEN_CREDIT_LINES Number i Measure Sum 23,411,560, 7,89
NUMBER_OF_CREDIT_INQUIRIES Number # Measure Sum L2345 6
DEBT_TO_INCOME_RATIO Number + Measure Sum 0.023579885747,; 0.031375662497, 0.033572211771,; 0.036027692369; 0.0636877328...
BANKRUPTCY_HISTORY Number # Measure Sum 01
LOAN_PURPOSE Text A Attribute MNone Home; Debt Consolidation; Auto; Education; Other
PREVIOUS_LOAN_DEFAULTS Number # Measure Sum 01
PAYMENT_HISTORY Number +# Measure Sum 22; 23, 25; 24; 21, 26; 19; 27, 20; 28
LENGTH_OF_CREDIT_HISTORY Number it Measure Sum 28;3;11;5;8;14; 22; 2, 1; 13
SAVINGS_ACCOUNT_BALANCE Number # Measure Sum 1,775; 2,669, 807, 837, 1,017, 1,070; 1,072; 1,104; 1,109, 1,135
CHECKING_ACCOUNT_BALANCE Number # Measure Sum 877, 1,068; 133; 138, 251; 352, 456; 460; 506; 522
TOTAL_ASSETS Number 4 Measure Sum 39,825; 44,731; 9,100; 92,534; 100,176; 108,152; 108,255; 112,766; 11,583; 116,524
TOTAL_LIABILITIES Number i+ Measure Sum 14,706; 15,169; 16,283; 16,919; 17,440; 24,290, 45,602; 10,298; 10,967, 109,763
UTILITY_BILLS_PAYMENT_HISTORY Number # Measure Sum 0.396884688129; 0.471078930512; 0.483501927365; 0.537708877459; 0.5556924716...
JOB_TENURE Number +# Measure Sum 4:5:3:6;7:2:8:9;1; 10
] ] ] NET_WORTH Number i Measure Sum 1,280; 23,521; 29,475; 4,409; 5,231; 7,076; 9,366; 9,614; 100,789; 10,386
BASE_INTEREST_RATE Number # Measure Sum 0.194992000000; 0.248053000000; 0.279871000000; 0.164665000000; 0.1757750000...
. S n ra ‘ e a ‘ n e e a r n n O e S INTEREST_RATE Number # Measure Sum 0.150025610943; 0.150128130098; 0.163430415360; 0.163935575719; 0.1689675987...
LOAN_APPROVED Text A Attribute MNone Rejected; Approved

- @ completed 4 Edit [> start =
Approved LOANS - AutoML Experiment Completed: Oh 20m x
] 3 Settings
L}LI Icl-ﬁtializlal.ion
8 Balanced Accuracy e
[l 0 Algorithm Selection
% Completed
Zl A : Adaptive Sampling - )
= . . Eao « Select a Model to Register
o \V '
1 = el Feature Selection
e Assoc] ] :
ssociate
. Leader Board e _svmg X ‘
N . o Completed
L
E Bachelor — Algorithm 2 Model Name & Balanced Accurat ~  F1Weighted 2 Recall Weighted = Precision Weightt ¢  ROCAUC T Type Name Last Modified Name ‘ OML AutoML Model (SVM-Gaussian) ‘
— n 3
I . Support Vector Machine (Gaussian) SVMG_OFET3DFBO3 0.9531 0.9455 09442 0.9506 0.0095 —
0 40K = D DESCFIDIIOn‘ ‘
E octorate Support Vector Machine (Linear) SVML_7BF5FAB300 0.9499 09439 09426 09487 0.0118 0 SVMG_OFE73DFB03 9:00 AM
ANNUAI S : Generalized Linear Model GLM_D7A20D6013 0.0473 0.9431 0.0418 0.9474 0.0m13 4 Model Info
8 High School _ Generalized Linear Model (Ridge Regr..  GLMR_S1BASETATA 0.0473 0.9431 0.0418 0.9474 0.0m3 Model Class CLASSIFICATION
LlJ L]
= Neural Network MN_234AEECTBD 0.9473 0.9431 09418 0.9474 0013 Algorithm SUPPORT_VECTOR_MACHINES
Master — Random Forest RF_EB1ZEA7B79 0.8961 0.8846 0.8795 0.9031 0.0424 ) DB Model Name SVMG_OFE73DFB03
| |
When EMPLOYMENT_STATUS is Self-Employed, ' Decision Tree DT_343EB1A4A92 0.8586 0.8554 0.8488 0.8762 0.0784 DB Model Description
for EDUCATION_LEVEL: High School to be 82.14 0% 20% 40% 60% 80% 100% Haive Bayes NEB_E26C591524 08273 0.8214 08118 0.8535 0.0830 Predicted A d R . t d DB Model Owner DEMO
i i 4. rove ejectle
representing a difference of 29.1 {Row Count} Actual PP ) Created On 9:00 AM
Features
Expression Filter ) N A d 24 49 (y 0 73 0/ Target LOAN_APPROVED
1o LOAN_APPROVED [l Approved W Rejected = 1 pprove . (] . 0
r
Name < Importance & Type < Distinct Values < Min 2 Max & Mean & Std Dev = ’ Input Columns
H 0 0 » Output Columns
150 INTEREST_RATE [ | FLOAT 15063 0.114 0.4468 024 0.04 RejeCted 485 A’ 69'93 A g Y
- P Parameters
. 120 ANNUAL_INCOME FLOAT 14500 15000 486341 4816009 55226.05
é BASE_INTEREST_RATE [ ] FLOAT 15105 01394 0.405 0.24 0.04
o 90
g — LOAN_AMOUNT [} FLOAT 13142 3674 184732 2532138 16594.55
o4
= 60 Segment 12 TOTAL_ASSETS I FLOAT 15218 2370 2619627 1019732 189660.31 —
NET_WORTH | FLOAT 14546 1000 2603208 77500.42 100967.87 7‘ g
30 Value Approved |
LENGTH_OF_CREDIT_HISTORY FLOAT 29 1 29 14.81 851
207 rows - 1% of 20000 rows —
0
EDUCATION_LEVEL | VARCHARZ 5
Bachelor Master Associate High School Docto: LOAN_AMOUNT between 11466 and 12941
| : !
EDUCATION_LEVEL LOAN_DURATION between 36 and 48 EXPERIENCE FLOAT 62 0 61 7.3 .44
B {Row Count}
W Expected {Row Count} when EMPLOYMENT_STATUS is 'Self-Employed'
0% 20% 40% 60% 80% 100%
B Approved Other Categories Prediction (PredictedValue)

Approved Rejected

Actual (LOAN_APPROVED)
Demo: Data Flows LOANS @ oacent1 (smartisoracle) + OML @ adw002 (smartisoracle) Approved 842 97
https://oacent1-frfoigjl2oaf-fr.analytics.ocp.oraclecloud.com/ui/dv/?pageid=datasources Rejected




8 LOANS - Loans New ADW Formatting

Data Element Data Type Treat As Aggregation Hidden Sample Values
APPLICATION_ID Number A Attribute None 43628, 44125; 44182; 44343; 44949, 44961; 45145; 45464, 45493; 45617
. AGE Number # Measure Sum 18; 39, 41, 40; 42; 43; 37; 45; 38; 48
ANNUAL_INCOME Number +# Measure Sum 15,000; 300,000; 55,947, 56,205; 64,147; 65,214, 81,565; 100,907, 107,049; 110,692
CREDIT_SCORE Number it Measure Sum 594; 568, 577, 585; 596; 606; 573; 580; 558; 593
EMPLOYMENT_STATUS Text A Attribute None Employed; Self-Employed; Unemployed
EDUCATIOM_LEVEL Text A Attribute None Bachelor; High School; Associate; Master; Doctorate
EXPERIENCE Number # Measure Sum 0;18;19; 21; 15; 20; 14; 11; 13; 10
LOAN_AMOUNT Number i+ Measure Sum 11,781; 12,411; 12,750, 16,263; 16,615; 17,228; 18,474; 18,546; 19,601; 20,303
LOAN_DURATION Number # Measure Sum 60, 36; 48; 72, 24; 96, 84; 12, 120, 108
MARITAL_STATUS Text A Attribute MNone Married; Single; Divorced; Widowed
NUMBER_OF_DEPENDENTS Number # Measure Sum 01,23, 4,5
HOME_OWNERSHIP_STATUS Text A Attribute None Mortgage; Rent; Own; Other
MONTHLY_DEBT_PAYMENTS Number £ Measure Sum 241; 307, 365; 539, 278; 295, 310; 427, 456; 460
CREDIT_CARD_UTILIZATION_RATE Number # Measure Sum 0.035932781895; 0.063175542802; 0.077399357117; 0.082513390069; 0.0925051410...
NUMBER_OF_OPEN_CREDIT_LINES Number i Measure Sum 23,411,560, 7,89
NUMBER_OF_CREDIT_INQUIRIES Number # Measure Sum L2345 6
DEBT_TO_INCOME_RATIO Number + Measure Sum 0023579885747, 0.031375662497, 0.033572211771; 0.036027692369; 0.0636877328...
BANKRUPTCY_HISTORY Number it Measure Sum 01
LOAN_PURPOSE Text A Attribute MNone Home; Debt Consolidation; Auto; Education; Other
PREVIOUS_LOAMN_DEFAULTS Number # Measure Sum 0;1
PAYMENT_HISTORY Number +# Measure Sum 22; 23, 25; 24; 21, 26; 19; 27, 20; 28
LENGTH_OF_CREDIT_HISTORY Number it Measure Sum 28;3;11;5;8;14; 22; 2, 1; 13
SAVINGS_ACCOUNT_BALANCE Number # Measure Sum 1,775; 2,669, 807, 837, 1,017, 1,070; 1,072; 1,104; 1,109, 1,135
CHECKING_ACCOUNT_BALANCE Number # Measure Sum 877, 1,068; 133; 138, 251; 352, 456; 460; 506; 522
TOTAL_ASSETS Number i+ Measure Sum 39,825; 44,731; 9,100; 92,534; 100,176; 108,152; 108,255; 112,766; 11,583; 116,524
TOTAL_LIABILITIES Number i+ Measure Sum 14,706; 15,169; 16,283; 16,919; 17,440; 24,290, 45,602; 10,298; 10,967, 109,763
] L] UTILITY_BILLS_PAYMENT_HISTORY Number # Measure Sum 0.396884688129; 0.471078930512; 0.483501927365; 0.537708877459; 0.5556924716...
« Using ML Models from OCI Data Science
NET_WORTH Number = Measure Sum 1,280; 23,521; 29,475; 4,409; 5,231; 7,076; 9,366; 9,614; 100,789; 10,386
BASE_INTEREST_RATE Number + Measure Sum 0.194992000000; 0.248053000000; 0.279871000000; 0.164665000000; 0.1757750000...
INTEREST_RATE Number # Measure Sum 0.150025610943; 0.150128130098; 0.163430415360; 0.163935575719; 0.1689675987...
o LOAN_APPROVED Text A Attribute MNone Rejected; Approved

Approved
(o)
w
> p
o
o Accuracy: 0.9170
% Precision: 0.9003
ZI Data Science » Projects » ¥ e Models » RandomForestClassiier LOANS_20250523_134243 Rec a 1 -L : a . 7 298
g (V] RandomForestClassifier_LOANS_20250523_134243 F1 Score: 0.8061
- - . . . . . .
Rejected Associate — £t || Deactate || Acd model 1o verson set || Downioad model antacts | | Adatags || Mors Actons ~ <sklearn.metrics._plot.confusion_matrix.ConfusionMatrixDisplay at @x7fbe979a37d0>
u Model Information Backup & Ratention Mode! version set Tags
_I | |
5 Description: A RandomForestClassifier LOANS 20250523 134243 classifier
| : Created by: ..o7ux7tha Show Cooy
z Created: F, May 1324 2000
° K5 Doctorate I o i
l_ OCKI 1 AStasConCen Loc ! eu-frankfun-
ANNUA[ S : m:lts 1 = 77 oo ‘K‘ml tz S6m3ruzbySada zip (16,636 MB) Approved
3 . Litecycie details:
- 2 Hignschool | I P
w o
. 1500
Master — Resource: Custom model attributes —
- Model taxonamy allows you to describa the modes you ane saving 10 the model catalog. You can use the pre-allocated Sokis under Taxonomy for the [ \Q USe Case, chine seaming / _g
. Model introspection model framework, version, estimator object or the model hyperparameters. All of these are optional. You can also create custom attributes by creating label-value pars. y m
When EMPLOYMENT_STATUS is Self-Employed, — o
for EDUCATION_LEVEL: High School to be 82.14 0% 20% 40% 60% 80% 100% foocty TRcs Shoyeac: Label value Catogory Description Soarch keywords V4 g
i i Artitacts $COM. Py, runtime.yami, model jobib, .modek-ignore Tabkg: The ist of files located in artitacts fokier =
representing a difference of 29.14. {Row Count} Mod > oo o o Tko, o = 1000
S ClientLibrary ADS Other
Expression Fi Iter H B d Conesninnma xks;r;:f?‘d:‘ WepuG Mach for_CP! 31 Ianng The URI of the t vronment
LOAN_APPROVED . Approved . Rejected e ] e s ?w:;m'££?7:;:vfsz pack/cpu/Genera Machine.Leaming for. CPUSon PYIRon 311 p1icrimeey e URI of the training conda environment
180 T i ol ke . G AR Twnng - The g nameof e raing onda ; Rejected
150 st Brvicnmen(Type - datacscience e SR b omlisoviciribiorheshe >0
.:g 120 ConavEnriome ;E:.%‘:%E?;:vrﬂz ackicpuGanars Machins Learing for CPUS_on Python 311 MU0, O SRR Wik fhe. i)
5 90 ModeiFileName model joblty Other The model file name.
:), I — ModeiSeraizatio >
o — oFormat Jobi Training Profile The model serialization format - T
£ 0 Segment 12 R T Approved Rejected
— = — = — — = Predicted label
30 Value Approved - R — i R B I R
0 207 rows - 1% of 20000 rows
Bachelor Master Associate High School Docto: LOAN_AMOUNT between 11466 and 12941
EDUCATION_LEVEL LOAN_DURATION between 36 and 48

B {Row Count} /

W Expected {Row Count} when EMPLOYMENT_STATUS is 'Self-Employed'

Prediction (PredictedValue)

Approved Rejected

Actual (LOAN_APPROVED)
0% 20%  40%  60%  80%  100%

B Approved Other Categories

Approved 842

Rejected 67

Demo: Data Flows LOANS @ oacent1 (smartisoracle) + Data Science (loans.ipynb / RandomForestClassifier LOANS)
https://oacent1-frfoigjl2oaf-fr.analytics.ocp.oraclecloud.com/ui/dv/?pageid=datasources
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assuming current year is 2013; show sales in current year by months e
e Here's a Line Chart that shows REVENUE by

TIME_BILL_DT (Month). Filtered by TIME_BILL_DT (Year): 2013

TIME_BILL_DT (Year): 2013. 180K
P Additional Insights
. /’/\ /\
ce predpostavimo, da je tekoce leto 2013, kak3na je prodaja v tekocem letu po mesecih e

TIME_BILL_DT (Year): 2013

< £ Generative Al e [ The current year is 2013.

Here's a Line Chart that shows REVENUE by

- 180K
. . TIME_BILL_DT (Month). Filtered b
Registered Gen Al Services TIME_BILL DT EYeoa':}: 2)01'3_9'"3 :
i P Additional Insight 150K
Name Gen Al Service Model Status Feature Usage tionaiinsIgnLs
f : 120K
Al Assistant in Workbooks, Catalo 0
Oracle Analytics OCI Gen Al Default Active . ' & :
Descriptions
Q0K
ChatGPT-4T OpenAl gpt-4-turbo Active None :
60K
ChatGPT OpenAl gpt-4-turbo Active None :
Here's a Bar Chart that shows
TIME_BILL_DT (Month). Filter 50K
_ _ _ _ ) TIME_BILL_DT (Year): 2013.
& Register Gen Al Service to use in Oracle Analytics Al Assistant Features
P Additional Insights 0
January 2013 April 2013 July 2013 October 2013

Oracle Analytics Al Assistant Features

Feature Description Gen Al Service Status Monthly Requests spremeni v bar graf e

Al Assistant in Workbooks Al Assistant panel in Workbooks for Authors and Consumers Oracle Analytics v | Active 27 {% e Here's alBar Chart that shows REVENUE by
TIME_BILL_DT (Month). Filtered by TIME_BILL_DT (Year): 2013
L . . . - . . TIME_BILL_DT (Year): 2013.
Catalog Descriptions Utilize the Al Assistant to create meaningful descriptions for catalog artifacts (Datasets) Oracle Analytics v | Active 9 -BILL_DT (Year) 180K
P Additional Insights
150K
120K
@ Sales Data (Sample) ’ e ‘ \ Close ’ 00K
Dataset \ ) )
change to stacked bar an
General Index Dataset For Indexing Schedule 60K
Data Elements ’ Assistant and Homepage Ask v ’ @ When Dataset is refreshed e gg}eéilagtgdsﬁsngaéﬁ}lag;?i sk
) ) y = _
Start :
st O star | CUST_SEGMENT. Filtered by 1
Search ’ ’ reiatevary Dav (Year): 20153. o
English v 1 )ay v
— P Additional Insights January 2013 April 2013 July 2013 October 2013
Using Recommended Settings For Index ‘ Run Now | Q Last Run :Not Available
Developer " '
Attribute Index Index Type Synonyms spremeni v stacked graf in dodaj segment kupcev; prikazi prihodek po segmentih kupcev po mesecih v tekoéem letu
34 columns 34 of 2000 max
ORDER_KEY v Name & values None e Here's a Stacked Bar Chart that shows
REVENUE by TIME_BILL_DT (Month), TIME_BILL_DT (Year): 2013
CUST_SEGMENT. Filtered by TIME_BILL_DT 180K
ORDER_STATUS v Name & values None (Year): 2013.
P Additional Insights 150K
UNITS v Name None
120K
DISCNT_VALUE v Name None l ! I I
90K . - . . .
COST_FIXED v Name None . . I . . T —
o = ESHE=pn
Ask a new question or a follow-up tc - Il = .
COST_VARIABLE v Name None — C | . .
30K . [ | . . . . .
. mm B . || L]
0

January 2013 April 2013 July 2013 October 2013

4® Chart Type| | @ Add | |§9 Change| |® Remove

Ask a new question or a follow-up to the last question...
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» 0:03/0:13

Oracle Analytics & OCI Vision (Video Analysis)

Al

Video analysis

You can analyze a video by following the instructions here

Video Source

= Demo & Local file

Run video anaylsis on demo videos.

Enter video URL

https://obj ge.uk-london-1.oraclecloud.com/n/frioigjl20af/b/sh

Upload video from local file.

Output location : shared-london/video-temp  ERGaRtla LT

v Video analysis capabilities @

Label detection
Object detection
Text detection

Face detection

@ Job succeeded
Fetched result successfully

Job OCID: ...3ssxwgtdarsbdda Show Copy

Demo: https://demoanalytics-frfoigjl2oaf-ld.analytics.ocp.oraclecloud.com/ui/ @ demoanalytics (smartisoracle — UK South) + Al Vision
https://analytics-friluOv1kplh-fr.analytics.ocp.oraclecloud.com/ui/dv/?pageid=home

» 0:03/0:13

<> Code for video inferencing

Results ®

Label detection Object detection Text detection

Labels detected at: ¢ 00:03 >

Laptop
All labels detected

Laptop  Personal computer Table Blue Computer Desk Box

Label detection segment timeline

Face detection

Computer icon  Mobile Phone

Video job tracker v

8 Object storage

Paste the object storage URL of video.

d-london/o/video-temp%2Foffline-video_3f4546fb35377b5a8473d8d07b18aedb5e52d 1 Analyze

@ bucket-vid... =2 mﬂg'nl

Apply Al Model

Model Pretrained Video Object Detection

4 Qutputs

Create

8 8 8 8 8 8 8 @ @

<)

Output

Video Objects

Segment Start Time Offset ms

Segment End Time Offset ms

Segment Confidence

Frame Time Offset ms

Frame Confidence

Frame Vertex 1

Frame Vertex 2

Frame Vertex 3

Frame Vertex 4

Status Summary

Video File from Bucket

Save Data

Column Mame

‘ Video Objects

‘ Segment Start Time Offset ms

‘ Segment End Time Offset ms

I Segment Confidence

l Frame Time Offset ms

[ Frame Confidence

‘ Frame Vertex 1

‘ Frame Vertex 2

‘ Frame Vertex 3

‘ Frame Vertex 4

I Status Summary

Video File from Bucket

[;] Frame Vertex 1, Fr B i

) VideoViz Plugin v

[E] URL & Time Offset
A Video

A Frame Time Offset ms

[&] Vertices
A Frame Vertex 1
A Frame Vertex 3

[E Label

A Video Objects

@ Color

A Video Obyects

7 Filters

@Cick here o drag

© Frame Vertex 1, Frame Vertex 3, Video Objects, Video, Frame Time Offset ms

data to add a filter

®Le:

Video Statistics

®

Count by Video Objects, Count

Clothing

Flowerpot
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Keyboard
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DEMONSTRATION

Video Analytics
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